
Chapter 2
Random walks and stopping times:
classifications and preliminary results

Our motivating examples have shown that renewal theory is typically concerned
with sums of iid nonnegative random variables, i.e. renewal processes, the goal be-
ing to describe the implications of their regenerative properties. On the other hand,
it then appears to be quite natural and useful to choose a more general framework
by considering also sums of iid real-valued random variables, called random walks.
Doing so, the regenerative structure remains unchanged while monotonicity is lost.
However, this will be overcome by providing the concept of ladder variables, there-
fore introduced and studied in Subsection 2.2.3. The more general idea behind this
concept is to sample a random walk along a sequence of stopping times that renders
a renewal process as a subsequence. This in turn is based on an even more gen-
eral result which, roughly speaking, states that any finite stopping time for a random
walk may be formally copied indefinitely over time and thus always leads to another
imbedded random walk. The exact result is stated as Theorem 2.2.3 in Subsection
2.2.2. Further preliminary results besides some basic terminology and classification
include the (topological) recurrence of random walks with zero-mean increments,
some basic properties of renewal measures of random walks with positive drift, the
connection of the renewal measure with certain first passage times including ladder
epochs, and the definition of the stationary delay distribution.

2.1 Preliminaries and classification of random walks

2.1.1 Lattice-type of random walks

As already mentioned, any sequence (Sn)n≥0 of real-valued random variables with
iid increments X1,X2, ... and initial value S0 independent of these is called random
walk (RW) hereafter, and S0 its delay. If µ := EX1 exists, then µ is called the drift
of (Sn)n≥0. In the case where all Xn as well as S0 are nonnegative and µ is positive
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(possibly infinite), (Sn)n≥0 is also called a renewal process (RP). Finally, a RW or
RP (Sn)n≥0 is called zero-delayed if S0 = 0 a.s., and delayed otherwise.

An important characteristic of a RW (Sn)n≥0 in the context of renewal theory is
its lattice-type. Let F denote the distribution of the Xn and F0 the distribution of S0.
Since (Sn)n≥0 forms an additive sequence with state space G0 := R, and since G0
has closed subgroups Gd := dZ := {dn : n ∈ Z} for d ∈ R> and G∞ := {0}, it is
natural to ask for the smallest closed subgroup on which the RW is concentrated.
Namely, if all the Xn as well as S0 take only values in a proper closed subgroup G of
R, that is, F(G) = F0(G) = 1, then the same holds true for all Sn and its accumula-
tion points. The following classifications of F and (Sn)n≥0 reflect this observation.

Definition 2.1.1. For a distribution F on R, its lattice-span d(F) is defined as

d(F) := sup{d ∈ [0,∞] : F(Gd) = 1}.

Let {Fx : x∈R} denote the translation family associated with F , i.e., Fx(B) :=
F(x+B) for all Borel subsets B of R. Then F is called

– nonarithmetic, if d(F) = 0 and thus F(Gd) < 1 for all d > 0.
– completely nonarithmetic, if d(Fx) = 0 for all x ∈ R.
– d-arithmetic, if d ∈ R> and d(F) = d.
– completely d-arithmetic, if d ∈ R> and d(Fx) = d for all x ∈Gd .

If X denotes any random variable with distribution F , thus X−x d= Fx for each
x ∈R, then the previous attributes are also used for X , and we also write d(X)
instead of d(F) and call it the lattice-span of X .

For our convenience, a nonarithmetic distribution is sometimes also called 0-
arithmetic hereafter. A random variable X is nonarithmetic iff it is not a.s. taking
values only in a lattice Gd , and it is completely nonarithmetic if this is not the case
for any shifted lattice x + Gd , i.e. any affine closed subgroup of R, either. As an
example of a nonarithmetic, but not completely nonarithmetic random variable we
mention X = π +Y with a standard Poisson variable Y . Then d(X−π) = d(Y ) = 1.
If X = 1

2 +Y , then d(X) = 1
2 and d(X − 1

2 ) = 1. In this case, X is 1
2 -arithmetic, but

not completely 1
2 -arithmetic. The following simple lemma provides the essential

property of a completely d-arithmetic random variable (d ≥ 0).

Lemma 2.1.2. Let X ,Y be two iid random variables with lattice-span d. Then
d ≤ d(X −Y ) with equality holding iff X is completely non- (d = 0) or d-
arithmetic (d > 0).

Proof. Let F denote the distribution of X ,Y . The inequality d ≤ d(X−Y ) is trivial,
and since (X + z)− (Y + z) = X −Y , we also have d(X + z) ≤ d(X −Y ) for all
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z ∈ R. Suppose X is not completely non- or d-arithmetic. Then d(X + z) > d for
some z ∈ Gd and hence also c := d(X −Y ) > d. Conversely, if the last inequality
holds true, then

1 = P(X−Y ∈Gc) =
∫

Gd

P(X− y ∈Gc) F(dy)

implies
P(X− y ∈Gc) = 1 for all F-almost all y ∈Gd

and thus d(X − y) ≥ c > d for F-almost all y ∈ Gd . Therefore, X cannot be com-
pletely non- or d arithmetic. ut

We continue with a classification of RW’s based on Definition 2.1.1.

Definition 2.1.3. A RW (Sn)n≥0 with increments X1,X2, ... is called

– (completely) nonarithmetic if X1 is (completely) nonarithmetic.
– (completely) d-arithmetic if d > 0, P(S0 ∈ Gd) = 1, and X1 is (com-

pletely) d-arithmetic.

Furthermore, the lattice-span of X1 is also called the lattice-span of (Sn)n≥0 in
any of these cases.

The additional condition on the delay in the d-arithmetic case, which may be
restated as d(S0) = kd for some k ∈ N∪{∞}, is needed to ensure that (Sn)n≥0 is
really concentrated on the lattice Gd . The unconsidered case where (Sn)n≥0 has d-
arithmetic increments but non- or c-arithmetic delay for some c 6∈Gd ∪{∞} will not
play any role in our subsequent analysis.

2.1.2 Making life easier: the standard model of a random walk

Quite common in the theory of Markov chains and also possible and useful here in
various situations (as any RW is also a Markov chain with state space R) is the use
of a standard model for a RW (Sn)n≥0 with a given increment distribution. In such a
model we may vary the delay (initial) distribution by only changing the underlying
probability measure and not the delay or the whole sequence itself.

Definition 2.1.4. Let P(R) be the set of all probability distributions on R.
We say that a RW (Sn)n≥0 is given in a standard model

(Ω ,A,(Pλ )λ∈P(R),(Sn))
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if each Sn is defined on (Ω ,A) and, for each Pλ , has delay (initial) distribution
λ and increment distribution F , that is Pλ (Sn ∈ ·) = λ ∗F∗n for each n ∈ N0.
If λ = δx, we also write Px for Pλ .

A standard model always exists: Let B(R) denote the Borel σ -field over R and
fix any distribution F on R. By choosing the coordinate space Ω := RN0 with co-
ordinate mappings S0,X1,X2, ..., infinite product Borel σ -field A = B(R)N0 and
product measure Pλ = λ ⊗FN0 for λ ∈P(R), we see that (Sn)n≥0 forms a RW
with delay distribution λ and increment distribution F under each Pλ and is thus
indeed given in a standard model, called canonical or coordinate model.

2.1.3 Classification of renewal processes: persistence vs.
termination

Some applications of renewal theory lead to RP’s having an increment distribution
that puts mass on ∞. This has been encountered in Section 1.3 when defining the se-
quence of successive hitting times of a transient state of a finite Markov chain. From
an abstract point of view, this means nothing but to consider sums of iid random vari-
ables taking values in the extended semigroup R≥ ∪ {∞}. Following FELLER[+
[14, footnote on p. 115]], any distribution F on this set with F({∞}) > 0 and thus
limx→∞ F(x) < 1 is called defective. A classification of RP’s that accounts for this
possibility is next.

Definition 2.1.5. A RP (Sn)n≥0 with a.s. finite delay S0 and increments
X1,X2, ... having distribution F and mean µ is called

– proper (or persistent, or recurrent) if F is nondefective, i.e. F({∞}) = 0.
– terminating (or transient) if F is defective.

In the proper case, (Sn)n≥0 is further called

– strongly persistent (or positive recurrent) if µ < ∞.
– weakly persistent (or null recurrent) if µ = ∞.

Clearly, the terms “recurrent” and “transience” reflect the idea that any renewal
process may be interpreted as sequence of occurrence epochs for a certain event
which is then recurrent in the first, and transient in the second case. In the transient
case, all Sn have a defective distribution and

P(Sn < ∞) = P(X1 < ∞, ...,Xn < ∞) = P(X1 < ∞)n for all n ∈ N.
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Moreover, there is a last renewal epoch, defined as ST with

T : = sup{n≥ 0 : Sn < ∞} (2.1)

giving the number of finite renewal epochs. For the latter variable the distribution is
easily determined.

Lemma 2.1.6. Let (Sn)n≥0 be a terminating renewal process with increment
distribution F. Then the number of finite renewal epochs T has a geometric
distribution with parameter p := F({∞}), that is, P(T = n) = p(1− p)n for
n ∈ N0.

Proof. This follows immediately from P(T = 0) = P(X1 = ∞) = p and

P(T = n) = P(X1 < ∞, ...,Xn < ∞,Xn+1 = ∞) = (1− p)n p

for all n ∈ N. ut

2.1.4 Random walk and renewal measure: the point process view

Although this is not a text on point processes, we will briefly adopt this viewpoint
because it appears to be quite natural, in particular for a general definition of the
renewal measure of a RW to be presented below. So let (Sn)n≥0 be a RW given in a
standard model and consider the associated random counting measure on (R,B(R))

N := ∑
n≥0

δSn

which more explicitly means that

N(ω,B) := ∑
n≥0

δSn(ω)(B) for all ω ∈Ω and B ∈B(R).

By endowing the set M of counting measures on (R,B(R)) with the smallest σ -
field M that renders measurability of all projection mappings

πB : M → N0∪{∞}, µ 7→ µ(B),

i.e. M := σ(πB : B ∈ B(R)), we have that N : (Ω ,A,Pλ )→ (M ,M) defines a
measurable map and thus a random element in M , called point process. For each
B ∈B(R), N(B) is an ordinary random variable which counts the number of points
Sn in the set B. Taking expectations we arrive at the so-called intensity measure of
the point process N under Pλ , namely
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Uλ (B) := Eλ N(B) = ∑
n≥0

Pλ (Sn ∈ B) for B ∈B(R).

The following definition extends those already given in the Introduction to general
RW’s on the real line.

Definition 2.1.7. Given a RW (Sn)n≥0 in a standard model, the intensity mea-
sure Uλ of the associated point process N under Pλ is called renewal measure
of (Sn)n≥0 under Pλ and

Uλ (t) := Uλ ((−∞, t]) for t ∈ R

the pertinent renewal function. If λ = δx for some x ∈ R, we write Ux for
Uδx . Finally, the stochastic process (N(t))t∈R defined by N(t) := N((−∞, t])
is called renewal counting process of (Sn)n≥0.

A detail we should comment on at this point is the following: In all examples of
the Introduction we have defined the renewal measure on the basis of the epochs Sn
for n≥ 1, whereas here we also account for S0 even if S0 = 0. The reason is that both
definitions have their advantages. On the other hand, the general definition above
forces us from now on to clearly state that U is the renewal measure of (Sn)n≥1 and
not (Sn)n≥0 in those instances where S0 is not to be accounted for. Fortunately, this
will only be necessary occasionally, one example being the Poisson process which
by definition has N(0) = 0.

Owing to the fact that Pλ = λ ∗F∗n for each n≥ 0 and λ ∈P(R), where F is as
usual the distribution of the Xn and F∗0 := δ0, we have that

Uλ = ∑
n≥0

λ ∗F∗n = λ ∗∑
n≥0

F∗n = λ ∗U0 for all λ ∈P(R). (2.2)

Natural questions on Uλ to be investigated are:

(Q1) Is Uλ locally finite, i.e. Uλ (B) < ∞ for all bounded B ∈B(R)?
(Q2) Is Uλ (t) < ∞ for all t ∈ R if Sn→ ∞ a.s.?

For a RP (Sn)n≥0, the two questions are equivalent as Uλ (t) = 0 for t < 0, and we
have already given a positive answer in Section 1.1 [+ Prop. 1.1.1]. In the situation
of a RW, it may therefore take by surprise that the answer to both questions is not
positive in general.

2.2 Random walks and stopping times: the basic stuff

This section is devoted to some fundamental results on RW’s and stopping times
including the important concept of ladder variables that will allow us to study RW’s
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with the help of embedded RP’s. Since stopping often involves more than just a
given RW (Sn)n≥0, due to additionally observed processes or randomizations, it is
reasonable to consider stopping times with respect to filtrations that are larger than
the one generated by (Sn)n≥0 itself.

2.2.1 Filtrations, stopping times and some fundamental results

In the following, let (Sn)n≥0 be a RW in a standard model with increments X1,X2, ...
and increment distribution F . For convenience, it may take values in any Rd , d ≥ 1.
We will use P for probabilities that do not depend on the distribution of S0. Let
further (Fn)n≥0 be a filtration such that

(F1) (Sn)n≥0 is adapted to (Fn)n≥0, i.e., σ(S0, ...,Sn)⊂Fn for all n ∈ N0.
(F2) Fn is independent of (Xn+k)k≥1 for each n ∈ N0.

Let also F∞ be the smallest σ -field containing all Fn. Condition (F2) ensures that
(Sn)n≥0 is a temporally homogeneous Markov chain with respect to (Fn)n≥0, viz.

P(Sn+1 ∈ B|Fn) = P(Sn+1 ∈ B|Sn) = F(B−Sn) Pλ -a.s.

for all n ∈ N0, λ ∈P(Rd) and B ∈B(Rd). A more general, but in fact equivalent
statement is that

P((Sn+k)k≥0 ∈C|Fn) = P((Sn+k)k≥0 ∈C|Sn) = P(Sn,C) Pλ -a.s.

for all n ∈ N0, λ ∈P(R) and C ∈B(Rd)N0 , where

P(x,C) := Px((Sk)k≥0 ∈C) = P0((Sk)k≥0 ∈C− x) for x ∈ Rd .

Let us recall that, if τ is any stopping time with respect to (Fn)n≥0, also called
(Fn)-time hereafter, then

Fτ = {A ∈F∞ : A∩{τ ≤ n} ∈Fn for all n ∈ N0},

and the random vector (τ,S0, ...,Sτ)1{τ<∞} is Fτ -measurable. The following basic
result combines the strong Markov property and temporal homogeneity of (Sn)n≥0
as a Markov chain with its additional spatial homogeneity owing to its iid incre-
ments.

Proposition 2.2.1. Under the stated assumptions, let τ be a (Fn)-time. Then,
for all λ ∈P(Rd), the following equalities hold Pλ -a.s. on {τ < ∞}:
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P((Sτ+n−Sτ)n≥0 ∈ ·|Fτ) = P((Sn−S0)n≥0 ∈ ·) = P0((Sn)n≥0 ∈ ·). (2.3)
P((Xτ+n)n≥1 ∈ ·|Fτ) = P((Xn)n≥1 ∈ ·). (2.4)

If Pλ (τ < ∞) = 1, then furthermore (under Pλ )

(a) (Sτ+n−Sτ)n≥0 and Fτ are independent.

(b) (Sτ+n−Sτ)n≥0
d= (Sn−S0)n≥0.

(c) Xτ+1,Xτ+2, ... are iid with the same distribution as X1.

Proof. It suffices to prove (2.4) for which we pick any k ∈ N0, n ∈ N, B1, ...,Bn ∈
B(Rd) and A ∈ Fτ . Using A∩ {τ = k} ∈ Fk and (F2), it follows for each λ ∈
P(Rd) that

Pλ (A∩{τ = k,Xk+1 ∈ B1, ...,Xk+n ∈ Bn})
= Pλ (A∩{τ = k})P(Xk+1 ∈ B1, ...,Xk+n ∈ Bn)
= Pλ (A∩{τ = k})P(X1 ∈ B1, ...,Xn ∈ Bn),

and this clearly yields the desired conclusion. ut
Assuming S0 = 0 hereafter, let us now turn to the concept of formally copying a

stopping time τ for (Sn)n≥1. The latter means that there exist Bn ∈B(Rnd) for n≥ 1
such that

τ = inf{n≥ 1 : (S1, ...,Sn) ∈ Bn}, (2.5)

where as usual inf /0 := ∞. With the help of the Bn we can copy this stopping rule to
the post-τ process (Sτ+n−Sτ)n≥1 if τ < ∞. For this purpose put Sn,k := Sn+k−Sn,

Sn,k := (Sn+1−Sn, ...,Sn+k−Sn) = (Sn,1, ...,Sn,k) and
Xn,k := (Xn+1, ...,Xn+k)

for k ∈ N and n ∈ N0.

Definition 2.2.2. Let τ be a stopping time for (Sn)n≥1 as in (2.5). Then the
sequences (τn)n≥1 and (σn)n≥0, defined by σ0 := 0 and

τn :=

{
inf{k ≥ 1 : Sσn−1,k ∈ Bk}, if σn−1 < ∞

∞, if σn−1 = ı
and σn :=

n

∑
k=1

τk

for n ≥ 1 (thus τ1 = τ) are called the sequence of formal copies of τ and its
associated sequence of copy sums, respectively.
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The following theorem summarizes the most important properties of the τn,σn
and Sσn1{σn<∞}.

Theorem 2.2.3. Given the previous notation, put further β := P(τ < ∞) and
Zn := (τn,Xσn−1,τn) for n ∈ N. Then the following assertions hold true:

(a) σ0,σ1, ... are stopping times for (Sn)n≥0.
(b) τn is a stopping time with respect to (Fσn−1+k)k≥0 and Fσn−1 -

measurable for each n ∈ N.
(c) P(τn ∈ ·|Fσn−1) = P(τ < ∞) a.s. on {σn−1 < ∞} for each n ∈ N.
(d) P(τn < ∞) = P(σn < ∞) = β n for all n ∈ N.
(e) P(Zn ∈ ·,τn < ∞|Fσn−1) = P(Z1 ∈ ·,τ1 < ∞) a.s. on {σn−1 < ∞} for

all n ∈ N.
(f) Given σn < ∞, the random vectors Z1, ...,Zn are conditionally iid with

the same distribution as Z1 conditioned upon τ1 < ∞.
(g) If G := P((τ,Sτ) ∈ ·|τ < ∞), then P((σn,Sσn) ∈ ·|σn < ∞) = G∗n a.s.

for all n ∈ N.

In the case where τ is a.s. finite (β = 1), this implies further:

(h) Zn and Fσn−1 are independent for each n ∈ N.
(i) Z1,Z2, ... are iid.
(j) (σn,Sσn)n≥0 forms a zero-delayed RW taking values in N0×Rd .

Proof. The simple proof of (a) and (b) is left to the reader. Assertion (c) and (e)
follow from (2.3) when observing that, on {σn−1 < ∞},

τn = ∑
k≥0

1{τn>k} = ∑
k≥0

k

∏
j=1

1Bc
j
(Sσn−1, j) and Zn 1{τn<∞}

are measurable functions of (Sσn−1,k)k≥0. Since P(τn < ∞) = P(τ1 < ∞, ...,τn < ∞),
we infer (d) by an induction over n and use of (c). Another induction in combination
with (d) gives assertion (f) once we have proved that

P((Z1, ...,Zn) ∈ An,Zn+1 ∈ B,σn+1 < ∞)
= P((Z1, ...,Zn) ∈ An,σn < ∞)P(Z1 ∈ B,τ < ∞)

for all n ∈ N and An,B from the σ -fields obviously to be chosen here. But with the
help of (e), this is inferred as follows:
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P((Z1, ...,Zn) ∈ An,Zn+1 ∈ B,σn+1 < ∞)
= P((Z1, ...,Zn) ∈ An,Zn+1 ∈ B,σn < ∞,τn+1 < ∞)

=
∫
{(Z1,...,Zn)∈An,σn<∞}

P(Zn+1 ∈ B,τn+1 < ∞|Fσn) dP

= P((Z1, ...,Zn) ∈ An,σn < ∞)P(Z1 ∈ B,τ < ∞).

Assertion (g) is a direct consequence of (f), and the remaining assertion (h),(i) and
(j) in the case β = 1 are just the specializations of (e),(f) and (g) to this case. ut

Notice that, for a finite Markov chain, any sequence (Tn(i))n≥0 of successive
return times to a recurrent state i forms a sequence of copy sums, namely the one
associated with T1(i), and it provides us with a cyclic decomposition of the chain
as demonstrated in Section 1.3. For a RW (Sn)n≥0 even more is true owing to its
temporal and spatial homogeneity, namely, that every finite stopping time τ and its
associated sequence of copy sums leads to a cyclic decomposition. This allows us
to analyze intrinsic features of the RW by choosing τ in an appropriate manner.

2.2.2 Wald’s identities for stopped random walks

Returning to the situation where (Sn)n≥0 is a real-valued zero-delayed random walk,
the purpose of this section is to provide two very useful identities originally due to
A. WALD [28] for the first and second moment of stopped sums Sτ for finite mean
stopping times τ .

Theorem 2.2.4. [Wald’s identity] Let (Sn)n≥0 be a zero-delayed RW adapted
to a filtration (Fn)n≥0 satisfying (F1) and (F2). Let further τ be an a.s. finite
(Fn)-time and µ := EX1. Then

ESτ = µ Eτ

provided that either the Xn are a.s. nonnegative, or X1 and τ both have finite
mean.

Proof. Since τ is a.s. finite, we have that

Sτ = ∑
n≥1

Xn1{τ≥n} a.s. (2.6)

Observe that, by (F2), Xn and {τ ≥ n} ∈Fn−1 are independent for all n∈N. Hence,
if the Xn are nonnegative, we infer

ESτ = ∑
n≥1

EXn1{τ≥n} = EX1 ∑
n≥1

P(τ ≥ n) = µ Eτ
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as claimed. If both, X1 and τ , have finite mean we see that so does Sτ . Consequently,
under the latter assumption we get the assertion for real-valued Xn as well when
observing that Sτ = ∑

τ
n=1 X+

n −∑
τ
n=1 X−1 . ut

A little more difficult, though based on the same formula (2.6) for Sτ , is the
derivation of Wald’s second identity for E(Sτ −µτ)2.

Theorem 2.2.5. [Wald’s second identity] Let (Sn,Fn)n≥0 be as in Theorem
2.2.4 and suppose that the Xn have finite variance σ2. Then (with µ as before)

E(Sτ −µτ)2 = σ
2 Eτ

for any (Fn)-time τ with finite mean.

Proof. W.l.o.g. let µ = 0. By (2.6), we have Sτ∧n = ∑
n
k=1 Xk1{τ≥k} and therefore

S2
τ∧n =

(
n

∑
k=1

Xk1{τ≥k}

)2

=
n

∑
k=1

X2
k 1{τ≥k}+

n

∑
k=1

XkSk−11{τ≥k}

for each n ∈ N. Now use the independence of Xk and Sk−1,1{τ≥k} together with
µ = 0 to infer EXkSk−11{τ≥k} = 0 and EX2

k 1{τ≥k} = σ2P(τ ≥ k) which provides us
with

ES2
τ∧n = σ

2 E(τ ∧n) for all n ∈ N.

As Sτ∧n→ Sτ a.s., it follows with Fatou’s lemma that

ES2
τ ≤ liminf

n→∞
ES2

τ∧n = σ
2Eτ < ∞. (2.7)

This proves integrability of Sτ and hence uniform integrability of the Doob-type
martingale (E(S2

τ |Fτ∧n)n≥0. Moreover,

E(S2
τ |Fτ∧n)−S2

τ∧n = E(S2
τ −S2

τ∧n|Fτ∧n)
= E((Sτ −Sτ∧n)(Sτ +Sτ∧n)|Fτ∧n)

= 2Sτ∧n E(Sτ −Sτ∧n|Fτ∧n) + E((Sτ −Sτ∧n)2|Fτ∧n)
≥ 0 a.s.,

because E(Sτ−Sτ∧n|Fτ∧n) = 0 a.s. for all ∈N [+ Lemma A.1.3]. But this implies
that (S2

τ∧n)n≥0 is also uniformly integrable and thus equality must hold in (2.7). ut
We remark for the interested reader that the proof just given differs slightly

from the one usually found in the literature [+ e.g. GUT [16]] which shows that
(Sτ∧n)n≥0 forms a Cauchy sequence in the space of square integrable random vari-
ables and thus converges in L2 to Sτ . Let us further note that Wald-type identities
for higher integral moments of Sτ may also be given. We refer to [6].
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2.2.3 Ladder variables, a fundamental trichotomy, and the
Chung-Fuchs theorem

We will now define the most prominent sequences of copy sums in the theory of
RW’s which are obtained by looking at the record epochs and record values of a
RW (Sn)n≥0, or its reflection (−Sn)n≥0.

Definition 2.2.6. Given a zero-delayed RW (Sn)n≥0, the stopping times

σ
> := inf{n≥ 1 : Sn > 0}, σ

≥ := inf{n≥ 1 : Sn ≥ 0},
σ

< := inf{n≥ 1 : Sn < 0}, σ
≤ := inf{n≥ 1 : Sn ≤ 0},

are called first strictly ascending, weakly ascending, strictly descending and
weakly descending ladder epoch, respectively, and

S>
1 := Sσ>1{σ><∞}, S≥1 := Sσ≥1{σ≥<∞},

S<
1 := Sσ<1{σ<<∞}, S≤1 := Sσ≤1{σ≤<∞}

their respective ladder heights. The associated sequences of copy sums
(σ>

n )n≥0, (σ≥n )n≥0, (σ<
n )n≥0 and (σ≤n )n≥0 are called sequences of strictly as-

cending, weakly ascending, strictly descending and weakly descending ladder
epochs, respectively, and

S>
n := Sσ

>
n

1{σ>
n <∞}, n≥ 0, S≥n := S

σ
≥
n

1{σ≥n <∞}, n≥ 0,

S<
n := Sσ

<
n

1{σ<
n <∞}, n≥ 0, S≤n := S

σ
≤
n

1{σ≤n <∞}, n≥ 0

the respective sequences of ladder heights.

Plainly, if (Sn)n≥0 has nonnegative (positive) increments, then σ≥n = n (σ>
n = n)

for all n ∈N. Moreover, σ≥n = σ>
n and σ≤n = σ<

n a.s. for all n ∈N in the case where
the increment distribution is continuous, for then P(Sm = Sn) = 0 for all m,n ∈ N.

The following proposition provides some basic information on the ladder vari-
ables and is a consequence of the SLLN and Thm. 2.2.3.

Proposition 2.2.7. Let (Sn)n≥0 be a zero-delayed RW such that P(X1 = 0) < 1.
Then the following assertions are equivalent:

(a)
(
σα

n ,Sσα
n

)
n≥0 is a zero-delayed RW taking values in N0×R for any

α ∈ {>,≥} (resp. {<,≤}).
(b) σα < ∞ a.s. for α ∈ {>,≥} (resp. {<,≤}).
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(c) limsupn→∞ Sn = ∞ a.s. (resp. liminfn→∞ Sn =−∞ a.s.)

Proof. It clearly suffices to prove equivalence of the assertions not in parenthe-
ses. The implications “(a)⇒(b)” and “(c)⇒(b)” are trivial, while “(b)⇒(a)” follows
from Thm. 2.2.3(j). This leaves us with a proof of “(a),(b)⇒(c)”. But ES> > 0 in
combination with the SLLN applied to (S>

n )n≥0 implies

limsup
n→∞

Sn ≥ lim
n→∞

S>
n = ∞ a.s.

and thus the assertion. ut

!<
1 2 !>

1 !>
2 5 6 !<

2 8 9 !>
3 11 !<

3

n

Sn

Fig. 2.1 Path of a RW with strictly ascending ladder epochs σ
>
1 = 3, σ

>
2 = 4 and σ

>
3 = 10, and

strictly descending ladder epochs σ
<
1 = 1, σ

<
2 = 5 and σ

<
3 = 12.

If EX1 > 0 (resp. < 0) we thus have that σ>,σ≥ (resp. σ<,σ≤) are a.s. finite
whence the associated sequences of ladder epochs and ladder heights each consti-
tute nondecreasing (resp. nonincreasing) zero-delayed RW’s. Much deeper informa-
tion, however, is provided by the next result disclosing a quite unexpected duality
between ascending and descending ladder epochs that will enable us to derive a
further classification of RW’s as to their asymptotic behavior including the Chung-
Fuchs theorem on the asymptotic behavior of a RW with drift zero.
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Theorem 2.2.8. Given a zero-delayed RW (Sn)n≥0 with first ladder epochs
σ≥,σ>,σ≤,σ<, the following assertions hold true:

Eσ
≥ =

1
P(σ< = ∞)

and Eσ
> =

1
P(σ≤ = ∞)

, (2.8)

P(σ≤ = ∞) = (1−κ)P(σ< = ∞), (2.9)

where

κ := ∑
n≥1

P(S1 > 0, ...,Sn−1 > 0,Sn = 0) = ∑
n≥1

P(σ≤ = n,S≤1 = 0).

Proof. Define

An1 = {S1 ≤ S2, ...,S1 ≤ Sn},
Ank = {S1 > Sk, ...,Sk−1 > Sk,Sk ≤ Sk+1, ...,Sk ≤ Sn} for 2≤ k ≤ n−1

and Ann = {S1 > Sn, ...,Sn−1 > Sn}.

Using (Sk−Si)1≤i<k
d= (Sk−i)1≤i<k and (S j−Sk)k< j≤n

d= (S j)1≤ j≤n−k for each 1 <
k < n, we then obtain

P(Ank) = P(Sk−Si < 0,1≤ i < k,S j−Sk ≥ 0,k < j ≤ n)
= P(Sk−Si < 0,1≤ i < k)P(S j−Sk ≥ 0,k < j ≤ n)
= P(Si < 0,1≤ i < k)P(S j ≥ 0,1≤ j ≤ n− k)

= P(σ≥ ≥ k)P(σ< > n− k),

(2.10)

and a similar result for k = 1 and k = n. It follows for all n≥ 2

1 =
n

∑
k=1

P(Ank) =
n

∑
k=1

P(σ≥ ≥ k)P(σ< > n− k) ≥ P(σ< = ∞)
n

∑
k=1

P(σ≥ ≥ k).

and thereupon by letting n tend to ∞ (∞ ·0 = 0 · ı := 0).

P(σ< = ∞)Eσ
≥ = P(σ< = ∞) ∑

k≥1
P(σ≥ ≥ k) ≤ 1.

Hence P(σ< = ∞) > 0 entails Eσ≥ < ∞.

Assuming conversely Eσ≥ < ∞, we infer with the help of (2.10)

1 ≤
m

∑
k=1

P(σ≥ ≥ k)P(σ< > n− k) +
n

∑
k=m

P(σ≥ ≥ k),
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and then upon letting n tend to ∞

1 ≤ P(σ< = ∞)
m

∑
k=1

P(σ≥ ≥ k) + ∑
k≥m

P(σ≥ ≥ k).

By finally taking the limit m→ ∞, we arrive at

1 ≤ P(σ< = ∞)Eσ
≥

which proves the equivalence of Eσ≥ < ∞ and P(σ< = ∞) > 0, and also the first
part of (2.8). But the second part follows analogously when replacing each “>” with
“≥” and each “≤” with “<” in the definition of theAnk. For the proof of (2.9), we
note that

P(σ< = ∞)−P(σ≤ = ∞) = P(σ< = ∞,σ≤ < ∞)

= ∑
n≥1

P(S1 > 0, ...,Sn−1 > 0,Sn = 0,S j ≥ 0, j > n)

= ∑
n≥1

P(S1 > 0, ...,Sn−1 > 0,Sn = 0)P(S j ≥ 0, j ≥ 1)

= P(σ< = ∞) ∑
n≥1

P(S1 > 0, ...,Sn−1 > 0,Sn = 0)

= κ P(σ< = ∞),

which obviously gives the desired result. ut
By considering (−Sn)n≥0 in the previous result, the relations (2.8) and (2.9) with

the roles of σ>,σ≤ and σ<,σ≥ are immediate consequences. This in turn justifies
to call each of (σ>,σ≤) and (σ<,σ≥) a dual pair.

The previous result also leads to the following trichotomy that is fundamental for
a deeper analysis of RW’s.

Theorem 2.2.9. Let (Sn)n≥0 be a zero-delayed RW such that P(X1 = 0) < 1.
Then exactly one of the following three cases hold true:

(i) σ≤,σ< are both defective and Eσ≥,Eσ> both finite.
(ii) σ≥,σ> are both defective and Eσ≤,Eσ< both finite.
(iii) σ≥,σ>,σ≤,σ< are all a.s. finite with infinite expectation.

In terms of the asymptotic behavior of Sn as n→ ∞, these three alternatives
are characterized as follows:

(i) limn→∞ Sn = ∞ a.s.
(ii) limn→∞ Sn =−∞ a.s.
(iii) liminfn→∞ Sn =−∞ and limsupn→∞ Sn = ∞ a.s.
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Finally, if µ := EX1 exists, thus EX+ < ∞ or EX− < ∞, then (i), (ii), and (iii)
are equivalent to µ > 0, µ < 0, and µ = 0, respectively.

Proof. Notice first that P(X1 = 0) < 1 is equivalent to κ < 1, whence (2.9) ensures
that σ>,σ≥ as well as σ<,σ≤ are always defective simultaneously in which case
the respective dual ladder epochs have finite expectation by (2.8). Hence, if neither
(a) nor (b) holds true, the only remaining alternative is that all four ladder epochs
are a.s. finite with infinite expectation. By combining the three alternatives for the
ladder epochs just proved with Prop. 2.2.7, the respective characterizations of the
behavior of Sn for n→ ∞ are immediate.

Suppose now that µ = EX1 exists. In view of Prop. 2.2.7 it then only remains to
verify that (iii) holds true in the case µ = 0. But any of the alternatives (i) or (ii)
would lead to the existence of a ladder epoch σ such that Eσ < ∞ and Sσ is a.s.
positive or negative. On the hand, ESσ = µ Eσ = 0 would follow by an appeal to
Wald’s identity 2.2.4 which is impossible. Hence µ = 0 entails (iii). ut

The previous result calls for a further definition that classifies a RW (Sn)n≥0 with
regard to the three alternatives (i), (ii) and (iii).

Definition 2.2.10. A RW (Sn)n≥0 is called

– positive divergent if limn→∞ Sn = ∞ a.s.
– negative divergent if limn→∞ Sn =−∞ a.s.
– oscillating if liminfn→∞ Sn =−∞ and limsupn→∞ Sn = ∞ a.s.
– trivial if X1 = 0 a.s.

While for nontrivial RW’s with finite drift Theorem 2.2.9 provides a satisfactory
answer in terms of a simple condition on the increment distribution as to when
each of the three alternatives occurs, this is not possible for general RW’s. The
case of zero mean increments is the Chung-Fuchs theorem and stated as a corollary
below. Another simple criterion for being in the oscillating case is obviously that the
increment distribution is symmetric, for then σ> and σ< are identically distributed
and hence both a.s. finite.

Corollary 2.2.11. (Chung-Fuchs theorem) Any nontrivial RW (Sn)n≥0 with
drift zero is oscillating.
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2.3 Recurence and transience of random walks

Every nontrivial arithmetic RW (Sn)n≥0 with lattice-span d is also a discrete Markov
chain on Gd = dZ. It is therefore natural to ask under which condition on the incre-
ment distribution it also recurrent, i.e.

P(Sn = x infinitely often) = 1 for all x ∈Gd . (2.11)

Plainly, this is possible only in the oscillating case, but the question remains whether
this is already sufficient. Moreover, the same question may be posed for the case
d = 0, i.e. nonarithmetic (Sn)n≥0, however, with the adjustment that condition (2.11)
must weakened to

P(|Sn− x|< ε infinitely often) = 1 for all x ∈Gd and ε > 0, (2.12)

because otherwise continuous RW’s satisfying P(Sn = x) = 0 for all n ∈ N and
x ∈ R would be excluded right away. The more general condition (2.12) is called
topological recurrence because it means that open neighborhoods of any x ∈Gd are
visited infinitely often. The purpose of this section, which follows the presentation in
[4], is to show that any RW (Sn)n≥0 satisfying n−1Sn

P→ 0 is topologically recurrent
[+ Thm. 2.3.5]. We start by defining topological recurrence for individual states.

Definition 2.3.1. Given a sequence (Sn)n≥0 of real-valued random variables,
a state x ∈ R is called (topologically) recurrent for (Sn)n≥0 if

P(|Sn− x|< ε infinitely often) = 1 for all ε > 0

and transient otherwise. If supn≥0 P(|Sn− x| < ε) > 0 for all ε > 0, then the
state x is called possible.

Plainly, every recurrent state is possible, and in the case where (Sn)n≥0 is con-
centrated on a lattice dZ we may take ε = 0 in the definition of a recurrent state thus
leading to the usual one also used for discrete Markov chains.

In the following, let (Sn)n≥0 be a nontrivial zero-delayed RW,

R := {x ∈ R : x is recurrent for (Sn)n≥0}

its recurrence set and E its set of possible states. If (Sn)n≥0 is d-arithmetic, then
naturally R ⊂ E ⊂ dZ holds true. In fact, if (Sn)n≥0 has lattice-span d ≥ 0, then Gd
is the smallest closed subgroup of R containing E as one can easily verify. Further
information on the structure of R is provided by the next proposition.
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Proposition 2.3.2. The recurrence set R of a nontrivial zero-delayed RW
(Sn)n≥0 is either empty or a closed subgroup of R. In the latter case, R = Gd
if (Sn)n≥0 if (Sn)n≥0 has lattice-span d, thus R = R in the nonarithmetic case
and R = dZ in the d-arithmetic case.

Proof. Suppose that R 6= /0. Let (xk)k≥1 be a sequence in R with limit x and pick
m ∈ N such that |xm− x|< ε for any fixed ε > 0. Then

P(|Sn− x|< 2ε infinitely often) ≥ P|Sn− xm|< ε infinitely often) = 1.

Hence x ∈R, i.e., R is closed. The next step is to verify that x− y ∈R whenever
x∈R and y∈ E . To this end, fix any ε > 0 and choose m∈N such that P(|Sm−y|<
ε) > 0. Then

P(|Sm− y|< ε)P(|Sn− (x− y)|< 2ε finitely often)
= P(|Sm− y|< ε, |Sm+n−Sm− (x− y)|< ε finitely often)
≤ P(|Sn− x|< ε finitely often) = 0

showing P(|Sn− (x− y)|< 2ε finitely often) = 0 and thus x− y ∈R. In particluar,
x− y ∈ R for x,y ∈ R so that R is a closed additive subgroup of R. Moreover,
R = E , for 0 ∈ R,x ∈ E implies −x = 0− x ∈ R and thus x ∈ R. By what has
been pointed out before this proposition, we finally conclude R = E = Gd if d is
the lattice-span of (Sn)n≥0. ut

Although Prop. 2.3.2 provides complete information about the structure of the
recurrence set R of a RW (Sn)n≥0, the more difficult problem of finding sufficient
conditions ensuring R 6= /0 remains. A crucial step in this direction is to relate the
problem to the behavior of the renewal measure U of (Sn)n≥0 which in the present
context should be viewed as an occupation measure. Notice that x ∈ R implies
N(I) = ∑n≥0 1I(Sn) = ∞, in particular U(I) = EN(I) = ∞ for any open interval I
containing x. That the converse is also true, will be shown next.

Proposition 2.3.3. Let (Sn)n≥0 be a nontrivial zero-delayed RW. If there exists
an open interval I such that

0 < ∑
n≥0

P(Sn ∈ I) = U(I) < ∞,

then (Sn)n≥0 is transient, that is R = /0. Conversely, if U(I) = ∞ for some
bounded interval I, then (Sn)n≥0 is recurrent.

Proof. Clearly, U(I) > 0 implies I 6= /0, while U(I) < ∞ in combination with the
Borel-Cantelli lemma implies P(Sn ∈ I infintely often) = 0 and thus I ⊂Rc as I is
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open. Consequently, R = /0 if the RW is nonarithmetic. In the d-arithmetic case, the
same follows from I∩dZ 6= /0 which in turn is a consequence of U(I) > 0.

Now suppose that U(I) = ∞ for some bounded and w.l.o.g. open interval I. It
suffices to prove 0 ∈R. Fix an arbitrary ε > 0. Since I may be covered by finitely
many intervals of length 2ε , we have U(J) = ∞ for some J = (x− ε,x+ ε). Let

T (J) := sup{n≥ 1 : Sn ∈ J} [sup /0 := 0].

denote the last time≥ 1 where the RW visits J and put An := {T (J) = n} for n∈N0.
It follows that

{Sn ∈ J finitely often} = {T (J) < ∞} = ∑
k≥0

Ak

and, furthermore,

Ak ⊃ {Sk ∈ J, |Sk+n−Sk| ≥ 2ε for all n≥ 1} for all k ∈ N0.

Consequently, by using the independence of Sk and (Sk+n− Sk)n≥0 in combination

with (Sk+n−Sk)n≥0
d= (Sn)n≥0, we infer

P(Ak) ≥ P(Sk ∈ J)P(|Sn| ≥ 2ε for all n≥ 1) for all k ∈ N0

and thereby via summation over k ≥ 0

P(Sn ∈ J finitely often) ≥ P(|Sn| ≥ 2ε for all n≥ 1)U(J)

which shows
P(|Sn| ≥ 2ε for all n≥ 1) = 0, (2.13)

because U(J) = ∞. Notice that this holds for any ε > 0.

Defining Ĵδ := (−δ ,δ ), Ĵ := Ĵε and Ân := {T (Ĵ) = n} for n ∈ N0, we have

P(Âk) = lim
δ↑ε

P(Sk ∈ Ĵδ ,Sk+n 6∈ Ĵ for all n≥ 1) for all k ∈ N.

Now, (2.13) implies

P(Â0) = P(Sn 6∈ Ĵ for all n≥ 1) = 0

and for k ≥ 1, δ < ε

P(Sk ∈ Ĵδ ,Sk+n 6∈ Ĵ for all n≥ 1)

≤ P(Sk ∈ Ĵδ , |Sk+n−Sk| ≥ ε−δ for all n≥ 1)

≤ P(Sk ∈ Ĵδ )P(|Sk+n−Sk| ≥ ε−δ for all n≥ 1) = 0

so that P(Âk) = 0 for all k ∈ N0. We have thus proved that
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P(|Sn|< ε finitely often) = P(T (Ĵ) = ∞) = ∑
k≥0

P(Âk) = 0

for all ε > 0, that is 0 ∈R. ut
The following equivalences are direct consequences of the result just shown.

Corollary 2.3.4. Given a nontrivial zero-delayed RW (Sn)n≥0, the following
assertions are equivalent:

(a) (Sn)n≥0 is recurrent.
(b) N(I) = ∞ a.s. for all open intervals I such that I∩ℜ 6= /0.
(c) U(I) = ∞ for all open intervals I such that I∩ℜ 6= /0.
(d) U(I) = ∞ for some finite interval I.

By contraposition, equivalence of

(e) (Sn)n≥0 is transient.
(f) N(I) < ∞ P-f.s. for all finite intervals I.
(g) U(I) < ∞ for all finite intervals I.
(h) 0 < U(I) < ∞ for some finite open interval I.

holds true.

We are now ready to prove the main result of this section.

Theorem 2.3.5. Any nontrivial zero-delayed RW (Sn)n≥0 which satisfies the

WLLN n−1Sn
P→ 0 or, a fortiori, has drift zero is recurrent.

Proof. In view of the previous result it suffices to show U([−1,1]) = ∞. Define
τ(x) := inf{n≥ 0 : Sn ∈ [x,x+1]} for x ∈R. Since τ is a stopping time for (Sn)n≥0,
we infer with the help of Prop. 2.2.1 that

U([x,x+1]) =
∫
{τ(x)<∞} ∑

n≥0
1[x,x+1](Sτ+n) dP

≤
∫
{τ(x)<∞} ∑

n≥0
1[−1,1](Sτ+n−Sτ) dP

= P(τ(x) < ∞) ∑
n≥0

P(Sn ∈ [−1,1])

= P(τ(x) < ∞)U([−1,1]).

(2.14)

Therefore
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U([−n,n]) ≤
n−1

∑
k=−n

U([k,k +1]) ≤ 2nU([−1,1]) for all n ∈ N. (2.15)

Fix now any ε > 0 and choose m ∈ N so large that P(|Sk| ≤ εk) ≥ 1
2 for all k > m,

which is possible by our assumption n−1Sn
P→ 0. As a consequence,

P(|Sk| ≤ n) ≥ 1
2

for all m < k ≤ n
ε

and therefore

U([−n,n]) ≥ ∑
m<k≤n/ε

P(|Sk| ≤ n) ≥ 1
2

(n
ε
−m−1

)
.

This yields in combination with (2.15)

U([−1,1]) ≥ 1
2n

U([−n,n]) ≥ 1
4ε
− m+1

4n
for all n ∈ N

so that, by letting n tend to infinity, we finally obtain

U([−1,1]) ≥ limsup
n→∞

1
2n

U([−n,n]) ≥ 1
4ε

which gives the desired conclusion, for ε > 0 was arbitrary. ut
Remark 2.3.6. (a) Since any recurrent RW is oscillating, the previous result partic-
ularly provides an extension of the Chung-Fuchs theorem in that EX1 = 0 may be
replaced with the weaker condition n−1Sn

P→ 0.

(b) All previous results are easily extended to the case of arbitrary delay distribu-
tion λ as long as λ (Gd) = 1 in the d-arithmetic case. In fact, assuming a standard
model (Ω ,A,(Pλ )λ∈P(R),(Sn)n≥0) and letting R(λ ) denote the recurrence set of
(Sn)n≥0 under Pλ , it suffices to observe for R(λ ) = R(δ0) that

Pλ (|Sn− x|< ε infinitely often) =
∫

Gd

P0(|Sn− (x− y)|< ε infinitely often) λ (dy)

holds true if λ (Gd) = 1. For a transient RW the local finiteness of the renewal
measure Uλ as stated in Cor. 2.3.4 for λ = δ0 even extends to all initial distributions
λ as is readily seen.

(c) In connection with recurrence of RW’s as Markov chains it is worth men-
tioning that Lebesgue measure λλ0 in the nonarithmetic case and d times counting
measure λλd on Gd in the d-arithmetic case provides a stationary measure for a RW
(Sn)n≥0, no matter whether it is recurrent or not. This follows from
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Pλλd
(Sn ∈ B) : =

∫
Gd

Px(Sn ∈ B) λλd(dx)

=
∫

P0(Sn ∈ B− x) λλd(ds)

=
∫∫

1B(x+ s) λλd(dx) P0(Sn ∈ ds)

=
∫

λλd(B− s) P0(Sn ∈ ds) = λλd(B) for all B ∈B(R)

where the translation invariance of λλd on Gd has been utilized.

(d) The condition n−1Sn
P→ 0 in Thm. 2.3.5 is not sharp for the recurrence. Inde-

pendent work by ORNSTEIN [24] and STONE [26] showed that, if ℜ(z) denotes the
real part of a complex number z and ϕ is the Fourier transform of the increments of
the RW, then ∫

ε

−ε

ℜ

(
1

1−ϕ(t)

)
dt = ı

provides a necessary and sufficient condition for the recurrence of (Sn)n≥0. We will
return to this in ????????

(e) In view of the fact that any recurrent RW is oscillating, it might be tempting
to believe that these two properties are actually equivalent. However, this holds true
only if EX1 exists [+ final part of Thm. 2.2.9]. In the case where EX−1 = EX+

1 = ∞

the RW may be oscillating , so that every finite interval is crossed infinitely often,
and yet be transient. KESTEN [17] further showed the following trichotomy which
is stated here without proof.

Theorem 2.3.7. (Kesten) Given a RW (Sn)n≥0 with EX−1 = EX+
1 = ∞, exactly

one of the following three cases holds true:

(a) limn→∞ n−1Sn = ∞ a.s.
(b) limn→∞ n−1Sn =−∞ a.s.
(c) liminfn→∞ n−1Sn =−∞ and limsupn→∞ n−1Sn = ∞ a.s.

2.4 The renewal measure in the transient case: cyclic
decompositions and basic properties

As shown in the previous section, the renewal measure Uλ of a transient RW (Sn)n≥0
is locally finite for any initial distribution λ [+ Cor. 2.3.4 and Rem. 2.3.6(b)].
This section is devoted to further investigations in the transient case that are also
in preparation of one of the principal results in renewal theory, viz. Blackwell’s
renewal theorem to be derived in the next chapter.
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2.4.1 Uniform local boundedness

We have seen in the Introduction that the renewal measure of a RW with exponential
increments with mean µ equals exactly µ−1 times Lebesgue measure if the initial
distribution is the same as for the increments. In view of this result and also intu-
itively, it is quite plausibel that for a general RW with drift µ and renewal measure
Uλ the behavior of the renewal measure should at least be of a similar kind in the
sense that

Uλ (I) ≈ λλ0(I)
µ

for any bounded interval I and any initial distribution λ . What is indeed shown next
is uniform local boundedness of Uλ .

Lemma 2.4.1. Let (Sn)n≥0 be a transient RW in a standard model. Then

sup
t∈R

Pλ (N([t, t +a])≥ n) ≤ P0(N([−a,a])≥ n) (2.16)

for all a > 0, n ∈ N0 and λ ∈P(R). In particular,

sup
t∈R

Uλ ([t, t +a]) ≤ U0([−a,a]) (2.17)

and {N([t, t +a]) : t ∈R} is uniformly integrable under each Pλ for all a > 0.

Proof. If (2.16) holds true, then the uniform integrability of {N([t, t +a]) : t ∈R} is a
direct consequence, while (2.17) follows by summation over n. So (2.16) is the only
assertion to be proved. Fix t ∈ R, a > 0, and define τ := inf{n≥ 0 : Sn ∈ [t, t +a]}.
Then

N([t, t +a]) =

{
∑k≥0 1[t,t+a](Sτ+k), if τ < ∞,

0, otherwise.

The desired estimate now follows by a similar argument as in (2.14), viz.

Pλ (N([t, t +a])≥ n) = Pλ

(
τ < ∞, ∑

k≥0
1[t,t+a](Sτ+k)≥ n

)

≤ Pλ

(
τ < ∞, ∑

k≥0
1[−a,a](Sτ+k−Sτ)≥ n

)
= Pλ (τ < ∞)P0(N([−a,a])≥ n)

for all n ∈ N0 and λ ∈P(R). ut
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2.4.2 A useful connection with first passage times

In the case of a RP (Sn)n≥0, there is a very useful connection between its renewal
function t 7→ Uλ (t) and the first passage times

τ(t) := inf{n≥ 0 : Sn > t} for t ∈ R≥.

These are clearly stopping times for (Sn)n≥0, arise in many applications and will be
studied in greater detail in ???????? Furthermore, as {τ(t) = n}= {Sn−1 ≤ t < Sn}
for each n ∈ N0 and t ∈ R≥ (put S−1 := 0), we see that

τ(t) = ∑
n≥0

1[0,t](Sn) = N(t) for all t ∈ R≥, (2.18)

that is, (τ(t))t≥0 also equals the renewal counting process associated with (Sn)n≥0.

Lemma 2.4.2. Let (Sn)n≥0 be a RP in a standard model. Then its renewal
function satisfies

Uλ (t) = Eλ τ(t) for all t ∈ R≥0 and λ ∈P(R≥).

Proof. The crucial observation is that a RP has a.s. nondecreasing trajectories, for
this implies

{τ(t) > n} =
{

max
0≤k≤n

Sk ≤ t
}

= {Sn ≤ t}

and then further

Eλ τ(t) = ∑
n≥0

Pλ (τ(t) > n) = ∑
n≥0

Pλ (Sn ≤ t) = Uλ (t)

for all t ∈ R≥ and λ ∈P(R≥) as claimed. ut
Provided further that (Sn)n≥0 has finite drift µ , the previous result may be com-

bined with Wald’s identity 2.2.4 to infer

∞ > U0(t) = E0τ(t) =
1
µ

E0Sτ(t) =
t
µ

+
E0(Sτ(t)− t)

µ
(2.19)

for all t ∈ R≥, the finiteness of U0(t) following from Prop. 1.1.1 or Cor. 2.3.4. The
nonnegative random variable

R(t) : = Sτ(t)− t for t ∈ R≥

provides the amount by which the RP exceeds the level t at the first passage epoch
τ(t) [+ Fig. 2.2]. It plays an important role in renewal theory and has been given
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Fig. 2.2 Path of a RP with first pasage time τ(4) = 5 and associated overshoot R(4).

a number of different names, depending on the context in which it is discussed:
overshoot, excess (over the boundary), forward recurrence time, or residual waiting
time. Clearly, the first two names express the afore-mentioned exceedance property
of R(t), whereas the last two names refer to its meaning in a renewal scheme of
being the residual time at t one has to wait until the next renewal will occur. The
crucial question with regard to (2.19) is now about the asymptotic behavior of R(t)
under P0 and its expectation E0R(t) as t → ∞. Since R(t) ≤ Xτ(t) and the Xn are
identically distributed with finite mean, it seems plausible that R(t) converges in
distribution and that supt≥0 E0R(t) is finite. We will see already soon that the first
assertion is indeed correct (modulo an adjustment in the arithmetic case), whereas
the second one requires the nonobvious additional condition that the Xn have finite
variances.

For general λ ∈P(R≥) use Uλ = λ ∗U0 [+ (2.2)] to obtain
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Uλ (t) =
∫

[0,t]
U0(t− x) λ (dx) =

∫
[0,t]

E0τ(t− x) λ (dx)

=
1
µ

∫
[0,t]

(t− x+E0R(t− x)) λ (dx)
(2.20)

A combination of (2.19) and (2.20) now leads to the following result, called elemen-
tary renewal theorem, which complements Prop. 1.1.2 in Section 1.1 and completes
the answer to question (Q2) posed there.

Theorem 2.4.3. (Elementary renewal theorem) Let (Sn)n≥0 be a RP in a
standard model. Then

lim
t→∞

Uλ (t)
t

=
1
µ

(2.21)

and lim
t→∞

τ(t)
t

=
1
µ

Pλ -a.s. (2.22)

for all λ ∈P(R≥).

Strictly speaking, the elementary renewal theorem is just (2.21), but we have
included (2.22) because it can be viewed as its pathwise analog and also provides
the extension of Prop. 1.1.2 to arbitrary initial distributions λ when recalling from
(2.18) that τ(t) = N(t) for all t ∈ R≥.

Proof. Since (Sn)n≥0 satisfies the SLLN under each Pλ and Sτ(t)−1 ≤ t < Sτ(t),
Doob’s argument used in the proof of Prop. 1.1.2 works here as well to give (2.22).
Left with the proof of (2.21), we infer from (2.20) with the help of Fatou’s lemma

liminf
t→∞

Uλ (t)
t
≥ 1

µ

∫
liminf

t→∞

(
t− x

t
1[0,t](x)

)
λ (dx) =

1
µ

.

for any λ ∈P(R≥). For the reverse inequality we must work a little harder and
consider the RP (Sc,n)n≥0 with truncated increments Xn∧ c for some c > 0. Denote
by τc(t) the corresponding first passage time and note that Sc,n ≤ Sn for all n ∈ N0
implies τ(t) ≤ τc(t) and that Rc(t) := Sc,τc(t)− t ≤ c for all t ∈ R≥. Consequently,
by another appeal to (2.19),

E0τ(t) ≤ E0τc(t) =
t +E0Rc(t)

µc
≤ t + c

µc
for all t ∈ R≥

where µc := E(X1∧c). By using this in (2.20), the dominated convergence theorem
ensures that, for any λ ∈P(R≥),

limsup
t→∞

Uλ (t)
t
≤
∫

lim
t→∞

(
t− x+ c

µc
1[0,t](x)

)
λ (dx) =

1
µc

,
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and since this is true for all c > 0 and limc→∞ µc = µ , we finally obtain

limsup
t→∞

Uλ (t)
t
≤ 1

µ

which completes the proof. ut
It is to be emphasized that all results and identities in this subsection have been

obtained only for the case of RP’s, that is for RW’s with nonnegative positive mean
increments. This may also be taken as a transitional remark so as to motivate the
consideration of general RW’s (Sn)n≥0 with a.s. finite ladder epoch σ> in the next
subsection, the main focus being on the case where the RW has positive drift.

2.4.3 Cyclic decomposition via ladder epochs

Here we consider a nontrivial zero-delayed RW (Sn)n≥0 with renewal measure U.
Let σ be any a.s. finite stopping time for (Sn)n≥0 with associated sequence (σn)n≥0
of copy sums. Denote by U(σ) the renewal measure of the RW (Sσn)n≥0 and define
the pre-σ occupation measure of (Sn)n≥0 by

V(σ)(A) := E

(
σ−1

∑
n=0

1A(Sn)

)
for A ∈B(R), (2.23)

which has total mass ‖V (σ)‖= Eσ and is hence finite if σ has finite mean. The next
lemma provides us with a useful relation between U and U(σ),V(σ).

Lemma 2.4.4. Under the stated assumptions,

U = V(σ) ∗U(σ)

for any a.s. finite stopping time σ for (Sn)n≥0.

Proof. Using cyclic decomposition with the help of the σn, we obtain

U(A) = E

(
∑
k≥0

1A(Sk

)
= ∑

n≥0
E

(
σn+1−1

∑
k=σn

1A(Sk)

)

= ∑
n≥0

∫
R

E

(
σn+1−1

∑
k=σn

1A−x(Sk−Sσn)

∣∣∣∣∣Sσn = x

)
P(Sσn ∈ dx)

= ∑
n≥0

∫
R

V(σ)(A− x) P(Sσn ∈ dx)

= V(σ) ∗U(σ)(A) for all A ∈B(R),
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where (2.3) of Prop. 2.2.1 has been utilized in the penultimate line. ut
Now, if (Sn)n≥0 has a.s. finite ladder epoch σ = σα for some α ∈ {>,≥,<,≤},

we write Uα and V α for U(σ) and V(σ), respectively. Note that Uα is the renewal
measure of the ladder height process (Sα

n )n≥0. As a trivial but important conse-
quence of the previous lemma, we note that

U = V α ∗Uα if P(σα < ∞) = 1. (2.24)

In the case where σ> < ∞ a.s. (and thus also σ≥ < ∞ a.s.), we thus have a convolu-
tion formula for the renewal measure U that involves the renewal measure of a RP,
namely U> or U≥. This will allow us in various places to reduce a problem for RW’s
with positive drift to those that have a.s. nonnegative or even positive increments.

If (Sn)n≥0, given in a standard model, has arbitrary initial distribution λ , then
Lemma 2.4.4 in combination with Uλ = λ ∗U0 immediately implies

Uλ = λ ∗V(σ) ∗U(σ) = V(σ) ∗U(σ)
λ

(2.25)

where V(σ),U(σ) are defined as before under P0.
Returning to the zero-delayed situation, let us finally note that a simple compu-

tation shows that
V(σ) = ∑

n≥0
P(σ > n,Sn ∈ ·), (2.26)

and that, for any real- or complex-valued function f

∫
f dV(σ) = ∑

n≥0

∫
{σ>n}

f (Sn) dP = E

(
σ−1

∑
n=0

f (Sn)

)
(2.27)

whenever one of the three expressions exist.

2.5 The stationary delay distribution

2.5.1 What are we looking for and why?

In order to motivate the derivation of what is called the stationary delay distribu-
tion of a RP (Sn)n≥0, let us first dwell on some heuristic considerations that embark
on the results in Section 1.2. We saw there that, if (Sn)n≥0 has exponential incre-
ment distribution with parameter θ and the same holds true for S0, then the renewal
measure U equals θλλ0 on R≥ which means that U([t, t + h]) for any fixed h is
temporally invariant. In fact, we further found that the associated renewal counting
process N := (N(t))t≥0 is a homogeneous Poisson process and as such a stationary
point process in the sense that
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ΘsN := (N(s+ t)−N(s))t≥0
d= N for all s ∈ R≥. (2.28)

This follows immediately from the fact that a Poisson process has stationary and
independent increments [+ Thm. 1.2.2]. Cleary, N is a functional of the renewal

0 1 2 3
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}
R(4) = S!(4)−4

n

Sn S!(4)+n−4

4

Fig. 2.3 Path of a RP with first pasage time τ(4) = 5 and associated overshoot R(4).

process (Sn)n≥0 or, equivalently, of S0,X1, ..., i.e. N = h(S0,X1, ...) for some mea-
surable function h. For the same reason

ΘsN = h(Sτ(s)− s,Xτ(s)+1, ...) = h(R(s),Xτ(s)+1, ...) for all s ∈ R≥,

where R(s) is the overshoot at s [see Fig. 2.3]. After this observation, the validity
of (2.28) can be explained as follows. Even without providing a rigorous argument,
the memoryless property of the exponential distribution is readily seen to imply that
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R(s) d= Exp(θ) for all s ∈ R≥. By Prop. 2.2.1, R(s) is further independent of the iid

sequence (Xτ(s)+n)n≥1 with Xτ(t)+1
d= X1. But this is all it takes to conclude (2.28).

Now let us turn to the general case, the question being whether an appropriate
choice of the delay distribution Fs of a RP (Sn)n≥0 with increment distribution F

renders R(t) d= Fs for all t ∈ R≥. If yes then by the same reasoning as before we
should obtain a stationary associated renewal counting process N = (N(t))t≥0 under
PFs in the sense of (2.28) and in particular a translation invariant renewal measure
UFs on R≥. But the translation invariance entails that UFs equals θλλ0 on R≥ for
some θ > 0, while the elementary renewal theorem 2.4.3 gives θ = 1/EX1. It will
be shown in ??????? that (R(t))t≥0 constitutes a continuous time Markov process
for which Fs, if it exists, forms a stationary distribution. However, the way Fs is
derived hereafter, does not use this fact.

The question not addressed so far is why we should strive for Fs. The short reply
is that its existence provides strong evidence that for arbitrary delay distributions
λ the behavior of ΘtN under Pλ and particularly of Uλ ([t, t + h]) is expected to be
the same as in the stationary situation if t tends to infinity. However, what we are
really hoping for and in fact going to deliver later is to turn this into a rigorous result
by a suitable construction of two RP’s on the same probability space with the same
increment distribution but different delay distributions λ and Fs, such that their
renewal counting processes N and N′, say, are asymptotically equal in the sense
that limt→∞ ρ(ΘtN,ΘtN′) = 0, where ρ denotes a suitable distance function. The
technique behind this idea is well-known under the name coupling in the theory of
stochastic processes.

2.5.2 The derivation

If λ denotes any measure on R, let λ+ := λ (·∩R≥) be its restriction to R> hereafter
in the sense that its mass on R≤ has been removed. Having outlined what we are
looking for, let us now turn to the derivation of the stationary delay distribution Fs

for a RP (Sn)n≥0 with increment distribution F , finite mean µ and given as usual in
a standard model. The first thing to note is that Uλ = λ ∗U0 satisfies the convolution
equation

Uλ = λ + F ∗Uλ for all λ ∈P(R≥)

which in terms of the renewal function becomes a renewal equation as encountered
in Section 1.4, namely

Uλ (t) = λ (t) +
∫

[0,t]
F(t− x) Uλ (dx) for all λ ∈P(R≥) (2.29)

The goal is to find a λ such that Uλ (t) = µ−1t for all t ∈ R≥ (thus Uλ = µ−1λλ
+
0 )

and we will now do so by simply plugging the result into (2.29) and solving for
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λ (t). Then, with F := 1−F

λ (t) =
t
µ
− 1

µ

∫ t

0
F(t− x) dx

=
1
µ

∫ t

0
F(t− x) dx =

1
µ

∫ t

0
F(x) dx for all t ≥ 0.

We thus see that there is only one λ , now called Fs, that gives the desired property
of Uλ , viz.

Fs(t) :=
1
µ

∫ t

0
F(x) dx =

1
µ

∫ t

0
P(X1 > x) dx for all t ≥ 0,

which is continuous and requires that µ is finite. To all those who prematurely lean
back now let is be said that this is not yet the end of the story because there are
questions still open like “What about the infinite mean case?” and “Is this really the
answer we are looking for if the RP is arithmetic?”

If (Sn)n≥0 is d-arithmetic, w.l.o.g. suppose d = 1, then indeed a continuous delay
distribution gives a continuous renewal measure which is in sharp contrast to the
zero-delayed situation where the renewal measure is concentrated on N0. The point
to be made here is that an appropriate definition of stationarity of the associated
renewal counting process N must be restricted to those times at which renewals
naturally occur in the 1-arithmetic case, namely integer epochs. In other words, the
stationary delay distribution Fs to be defined must now be concentrated on N, but
only give (2.28) for t ∈ N0 under PFs . This particularly implies U+

Fs = µ−1λλ
+
1 and

thus U+
Fs(n) = UFs({1, ...,n}) = µ−1n for n ∈ N, where λλ1 is counting measure on

the set of integers Z. By pursuing the same argument as above, but for t ∈ N0 only,
we then find that Fs must satisfy

Fs(n) =
n
µ
− 1

µ

n

∑
k=1

F(n− k) for all n ∈ N

and therefore

Fs(n) =
1
µ

n−1

∑
k=0

F(k) dx =
1
µ

n

∑
k=1

P(X1 ≥ k) for all n ∈ N

as the unique solution among all distributions concentrated on N. We summarize
our findings as follows.

Proposition 2.5.1. Let (Sn)n≥0 be a RP in a standard model with finite drift µ

and lattice-span d ∈ {0,1}. Define its stationary delay distribution Fs on R≥
by

Fs(t) :=

{
1
µ

∫ t
0 P(X1 > x) dx, if d = 0,

1
µ ∑

n
k=1 P(X1 ≥ k)1[n,n+1)(t), if d = 1

(2.30)
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for t ∈ R≥. Then UFs = µ−1λλ
+
d .

Now observe that the integral equation (2.29) remains valid if λ is any locally
finite measure on R≥ and Uλ is still defined as λ ∗U0. This follows because (2.29)
is a linear in λ . Hence, if we drop the normalization µ−1 in the definition of Fs, we
obtain without further ado the following extension of the previous proposition.

Corollary 2.5.2. Let (Sn)n≥0 be a RP in a standard model with lattice-span
d ∈ {0,1}. Define the locally finite measure ξ on R≥ by

ξ (t) :=

{∫ t
0 P(X1 > x) dx, if d = 0,

∑
n
k=1 P(X1 ≥ k)1[n,n+1)(t), if d = 1

(2.31)

for t ∈ R≥. Then Uξ = λλ
+
d .

2.5.3 The infinite mean case: restricting to finite horizons

There is no stationary delay distribution if (Sn)n≥0 has infinite mean µ , but Cor.
2.5.2 helps us to provide a family of delay distributions for which stationarity still
yields when restricting to finite horizons, that is to time sets [0,a] for a ∈ R>. As
a further ingredient we need the observation that the renewal epochs in [0,a] of
(Sn)n≥0 and (Sa,n)n≥0, where Sa,n := S0 + ∑

n
k=1(Xk ∧ a), are the same. As a trivial

consequence they also have the same renewal measure on [0,a], whatever the delay
distribution is. But by choosing the latter appropriately, we also have a domination
result on (a,∞) as the next result shows.

Proposition 2.5.3. Let (Sn)n≥0 be a RP in a standard model with drift µ =
∞ and lattice-span d ∈ {0,1}. With ξ given by (2.31) and for a > 0, define
distributions Fs

a on R≥ by

Fs
a (t) :=

ξ (t ∧a)
ξ (a)

for t ∈ R≥. (2.32)

Then, for all a ∈ R>, UFs
a ≤ ξ (a)−1λλ

+
d with equality holding on [0,a].

Proof. Noting that Fs
a can be written as Fs

a = ξ (a)−1ξ −λa, where λa ∈P(R≥) is
given by
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λa(t) :=
ξ (t)−ξ (a∧ t)

ξ (a)
= 1(a,∞)(t)

ξ (t)−ξ (a)
ξ (a)

for all t ∈ R≥,

we infer with the help of Cor. 2.5.2 that

UFs
a = ξ (a)−1Uξ −λa ∗U0 ≤ ξ (a)−1Uξ = ξ (a)−1

λλd on R≥

as claimed. ut

2.5.4 And finally random walks with positive drift via ladder epochs

A combination of the previous results with a cyclic decomposition via ladder epochs
allows us to further extend these results to the situation where (Sn)n≥0 is a RW
with positive drift µ and lattice-span d ∈ {0,1} and thus may also take on negative
values. This is accomplished by considering Fs,Fs

a and ξ as defined before, but for
the associated ladder height RP (S>

n )n≥0. Hence we put

ξ (t) :=

{∫ t
0 P(S>

1 > x) dx, if d = 0,

∑
n
k=1 P(S>

1 ≥ k)1[n,n+1)(t), if d = 1
(2.33)

for t ∈ R≥ and then again Fs
a by (2.32) for a ∈ R>. If S>

1 has finite mean µ> and
hence ξ is finite, then let Fs be its normalization, i.e. Fs = (µ>)−1ξ . In order to be
able to use the results from the previous section we must first verify that S>

1 and X1
are of the same lattice-type.

Lemma 2.5.4. Let (Sn)n≥0 be a nontrivial zero-delayed RW and σ an a.s.
finite first ladder epoch. Then d(X1) = d(Sσ ).

Proof. If X1 is nonarithmetic the assertion follows directly from the obvious in-
equality d(Sσ )≤ d(X1) = 0. Hence it suffices to consider the case when d(X1) > 0.
W.l.o.g. suppose d(Sσ ) = 1 and σ = σ>, so that d(X1) = 1 must be verified. If
d(X1) < 1, then p := P(X1 = c) > 0 for some c 6∈ Z. Define Wn := Sn+1− S1 for
n∈N0, clearly a copy of (Sn)n≥0 and independent of X1. Then, with τ(t) := inf{n≥
0 : Wn > t}, we have

S>
1 = X11{X1>0}+(X1 +Wτ(−X1))1{X1≤0}.

Consequently, if c > 0, then P(S>
1 = c)≥ p > 0 which is clearly impossible as c 6∈Z.

If c < 0, then use that Wτ(t) is a strictly ascending ladder height for (Wn)n≥0 and thus
integer-valued for any t ∈ R≥ to infer that

P(S>
1 ∈ c+Z) ≥ pP(c+Wτ(−c) ∈ c+Z) = pP(Wτ(−c) ∈ Z) > 0
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which again contradicts our assumption d(S>
1 ) = 1, for (c+Z)∩Z = /0. ut

Proposition 2.5.5. Let (Sn)n≥0 be a RW in a standard model with positive drift
µ and lattice-span d ∈ {0,1}. Then the following assertions hold with ξ ,Fs

a
and Fs as defined in (2.33) and thereafter.

(a) U+
ξ

= Eσ> λλ
+
d .

(b) U+
Fs

a
≤ ξ (a)−1Eσ> λλ

+
d for all a ∈ R>.

(c) If µ is finite, then U+
Fs = µ−1λλ

+
d .

Proof. First note that µ > 0 implies Eσ> < ∞ [+ Thm. 2.2.9] and µ> = ES>
1 =

µ Eσ> by Wald’s identity. By (2.25), Uλ = V> ∗U>
λ

for any distribution λ , where

V>(A) = E0

(
σ>−1

∑
n=0

1A(Sn)

)
for A ∈B(R)

is the pre-σ> occupation measure and thus concentrated on R≤ with ‖V>‖= Eσ>.
Of course, (2.25) extends to arbitrary locally finite measures λ . Therefore,

Uξ (A) = V> ∗U>
ξ
(A) =

∫
R≤

U>
ξ
(A− x) V>(dx)

=
∫

R≤
λλ

+
d (A− x) V>(dx) = V>(R≤)λλ

+
d (A)

= Eσ
>

λλ
+
d (A) for all A ∈B(R≥)

where Cor. 2.5.2, the translation invariance of λλd and A−x⊂R≥ for all x∈R≤ have
been utilized. Hence assertion (a) is proved. As (b) and (c) are shown in a similar
manner, we omit supplying the details again and only note for (c) that, if µ < ∞,
U+

Fs = (µ>)−1 Eσ> λλ
+
d really equals µ−1λλ

+
d because µ> = µ Eσ> as mentioned

above. ut
Remark 2.5.6. (a) Replacing the strictly ascending ladder height S>

1 with the weakly
ascending one S≥1 in the definition (2.33) of ξ leads to Uξ = Eσ≥λλd and thus to a
proportional, but different result if S>

1 and S≥1 are different. On the other hand, it is
clear that, for some β ∈ (0,1],

P(S≥1 ∈ ·) = (1−β )δ0 + β P(S>
1 ∈ ·) (2.34)

where µ≥ = β µ> gives β = µ≥/µ>. Consequently, a substitution of S>
1 for S≥1 in

(2.33) changes ξ merely by a factor and thus has the same normalization in the case
µ < ∞, namely Fs. In other words, the stationary delay distributions of (S>

n )n≥0 and
(S≥n )n≥0 are identical.



2.5 The stationary delay distribution 63

(b) Given a RP (Sn)n≥0 with finite drift µ , we have already mentioned that the
forward recurrence times R(t) form a continuous time Markov process with station-
ary distribution π(dt) := µ−1P(X1 > t)dt, and we have found that Uπ = µ−1λλ

+
0 ,

no matter what the lattice-type of (Sn)n≥0 is. On the other hand, if the latter is 1-
arithmetic, then the stationary delay distribution Fs that gives UFs = µ−1λλ

+
1 is dis-

crete and thus differs from π . In terms of the forward recurrence times this can
be explained as follows: The Markov process (R(t))t≥0 has continuous state space
R> regardless of the lattice-type of the underlying RP and as such the continu-
ous stationary distribution π . As a consequence, its subsequence (R(n))n≥0 forms a
Markov chain with the same state space and the same stationary distribution. How-
ever, in the 1-arithmetic case N forms a closed subclass of states in the sense that
P(Rn ∈ N for all n ≥ 0) = 1 if P(R0 ∈ N) = 1. Hence (R(n))n≥0 may also be con-
sidered as a discrete Markov chain on N and as such has stationary distribution Fs.

(c) The positive forward recurrence time R(t) = Sτ(t)− t, τ(t) = inf{n : Sn > t}
has been used in the previous derivations so as to motivate the stationary de-
lay distribution. As an alternative, one may also consider the nonnegative variant
V (t) := Sν(t)− t with ν(t) := inf{n : Sn ≥ t}. In the nonarithmetic case, this does
not lead to anything different because stopping on the boundary, i.e. V (t) = 0, has
asymptotic probability zero. However, if (Sn)n≥0 is 1-arithmetic, then the stationary
delay distribution on R≥ instead of R> is obtained, namely

F̂s(t) :=
1

µ>

n

∑
k=0

P(S>
1 > k)1[n,n+1)(t) for t ∈ R≥.

As a consequence, UF̂s equals µ−1λλ1 on R≥ instead of R> only. Similar adjust-
ments apply to the definitions of ξ and Fs

a when dealing with V (t), but we refrain
from a further discussion.




